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Abstract
This study presents a corpus-assisted genre analysis of 39 British commercial
extortion letters, the largest dataset of its kind. We use a combined method-
ology that triangulates evidence from move analysis, corpus linguistics, and
clustering algorithms. We innovate on traditional move analysis by using
clauses as the unit of analysis and interrater reliability testing to identify
11 rhetorical moves. Corpus linguistic methods, including n-gram and col-
location analysis, reveal that while certain moves (Threat and Demand) are
highly prevalent and “core” for the genre of extortion letter, there is no con-
sistent structural pattern across texts. Instead, rhetorical moves occur flex-
ibly in texts, with no recurrent patterns, reflecting their status as an “illicit
genre” produced outside conventional discourse communities. We further use
clustering algorithms to explore whether we can reliably differentiate letters
based on moves frequency. This multi-method approach demonstrates that
rhetorical move prevalence, rather than sequence, can serve as a robust basis
for genre classification in extortion communications. Furthermore, the study
offers methodological innovations for forensic linguistics and genre.
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corpus linguistics; hierarchical clustering.
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Resumo
Este estudo apresenta uma análise de género textual baseada num corpus de
39 cartas de extorsão comercial britânicas, o maior conjunto de dados deste
género. Utilizamos uma metodologia combinada que reúne e relaciona da-
dos de análise de movimentos, linguística de corpus e algoritmos de agrupa-
mento ("clustering"). Destacamo-nos da análise tradicional de movimentos,
uma vez que utilizamos orações como unidade de análise e testes de fiabili-
dade interavaliadores para identificar 11 movimentos retóricos. Os métodos
linguísticos do corpus, incluindo a análise de n-gramas e de colocações, rev-
elam que, embora certos movimentos (Ameaça e Exigência) sejam altamente
prevalecentes e “nucleares” para o género da carta de extorsão, não existe um
padrão estrutural consistente nos textos. Em vez disso, os movimentos retóri-
cos ocorrem de forma flexível nos textos, sem padrões recorrentes, refletindo
o seu estatuto de “género ilícito” produzido fora das comunidades discursi-
vas convencionais. Além disso, utilizamos algoritmos de agrupamento para
explorar a possibilidade de diferenciar as cartas de forma fiável com base na
frequência dos movimentos. Esta abordagem multimétodo demonstra que a
prevalência de movimentos retóricos, e não a sequência, pode servir como
uma base sólida para a classificação de géneros em comunicações de ex-
torsão. Além disso, o estudo oferece inovações metodológicas para a linguís-
tica forense e para o estudo dos géneros textuais.
Palavras-chave: Cartas de extorsão; Comunicações maliciosas; Análise de
movimentos; Linguística de corpus; Agrupamento hierárquico.

1. Introduction

Malicious and threatening communications, of which written extortion letters are a par-
ticular type, have been a key area of study for forensic linguistics. Scholars have anal-
ysed different types of malicious communication in different ways, using SFL and Ap-
praisal (Hurt, 2020; Reczek, 2023), Biber’s Multidimensional Analysis (Nini, 2017, 2019),
Speech Act theory (Spitzberg & Gawron, 2016) and Move Analysis (Abaalkhail, 2015;
Chiang & Grant, 2019). Threatening language characteristics have also been analysed
using a plethora of different data types, from Late Modern English threatening letters
(Neumaier, 2025) to spoken threats (Tompkinson, 2023), to a large corpus of different
types of threats (Gales, 2015).

However, these analyses have not focused on the genre of extortion letters specifi-
cally, and the question of whether this text type constitutes a genre has remained rela-
tively underexplored. Some studies have identified that the form or ‘text type’ of extor-
tion communications is only minimally shaped by norms, with writers borrowing from
other genres, such as business letters, but with the texts open to a large degree of in-
dividual variation (e.g., Fobbe, 2011, 2020). However, such studies are often necessarily
limited to small numbers of texts, mainly because of the difficulty of accessing texts be-
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yond single case studies, and there is no study – to the best of the authors’ knowledge
– that examines more than a single digit number of texts.

The current study is therefore the first of its kind, as we analyse the largest existing
collection of 39 written commercial extortion communications (letters and emails), as
all other works (to the best of the authors’ knowledge) analyse single digit amounts of
documents. The documents all come from a UK context, and span from 2008 to 2019.
With this in mind, we address the following research questions:

1. What are the recurring communicative functional units in commercial extortion
communications?

2. Can we describe the discourse structure of this genre according to these units?
3. How homogeneous/varied is the collection of texts?

In the remainder of the paper we first discuss the two key theoretical concepts for
our analysis: genre (section 2) and rhetorical moves (section 3). We then introduce the
data (section 4) and present the methodology and results from our Move Analysis in
section 5, looking at move prevalence (5.1), patterns (5.2), and clustering (5.3).

2. Genre analysis and forensic texts

The concept of genre is widely debated in the academic literature, with three major re-
search traditions shaping genre studies (Xia, 2020). The English for Specific Purposes
(ESP) approach, notably Swales (1990), views genre as a class of communicative events
with shared purposes, shaped by discourse communities. Systemic Functional Linguis-
tics (SFL, Martin, Christie, Rothery, & Reid, 1987), sees genre as a staged, goal-oriented
social process. Finally, Rhetorical Genre Studies (RGS), following Miller (1984), frames
genre as a response to recurring rhetorical situations, focusing on the typification of
rhetorical actions.

Despite their differences – ESP’s focus on community, SFL’s on social processes, and
RGS on rhetorical recurrence – there is broad consensus that genre is inherently social
and contextual. Understanding genre, across these frameworks, involves analysing how
texts reflect the practices and goals of the communities that produce and use them
(Bhatia, 2016; Corbett, 2006). Biber and Conrad (2009) emphasise this social dimension,
defining genre as a conventionalised construct, characterised by consistent linguistic
features and a unified communicative purpose.

This study adopts Swales (1990) ESP-based definition, particularly useful for
analysing recurring rhetorical moves in extortion communications. Swales defines gen-
res as classes “of communicative events, the members of which share some set of com-
municative purposes”, recognised by expert members of the parent discourse commu-
nity (Swales 1990, p. 58). Central to his model are the notions of ‘discourse community’
(‘socio-rhetorical networks that form to work towards sets of common goals’, Swales,
1990, p. 9) and ‘communicative purpose’, which drives the language activities of the
discourse community.

However, the notion of ‘discourse’ communities outlined above, potentially becomes
problematic with forensic linguistic genres. Malicious communications, such as extor-
tion letters, are unlikely to stem from a ‘socio-rhetorical network’ of authors (Swales,
1990, p. 9) nor from repeated exposure to examples within a discourse community.
Bojsen-Møller, Auken, Devitt, and Christensen (2020) address this by proposing a fifth
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category - ‘illicit genres’ - to Miller’s 2017 four genre typology. Illicit genres are not
learned institutionally, lack formal instruction, and are socially marginal (Bojsen-Møller
et al., 2020, pp. 34–35). Consequently, these genres are recognised as such not by a
clear community of authors and users, but rather by “uptake communities”, that is au-
diences, such as law enforcement or victims - those who label and respond to these
texts, whether or not they are the intended audience. ‘Uptakes’ can be expected or un-
expected, welcome or unwelcome (Freadman, 2012), which, in the case of illicit genres,
Bojsen-Møller et al. 2020 suggest, results in a ‘dual addressivity’, simultaneously tar-
geting victims as recipients while anticipating interception by authorities. This notion
of ‘uptake community’ underpins our analysis of genre, where we focus on functions
and actions accomplished within the texts.

3. Move analysis

Move analysis is a functional framework for examining the conventional discourse struc-
tures within genres. ‘Moves’ are rhetorical or discoursal units that serve coherent
communicative functions, often realized through combinations of lower-level strate-
gies (Biber, Connor, & Upton, 2007; Swales, 2004). Originally developed for academic
writing, move analysis has since been applied to a range of genres, e.g; marketing texts
(e.g., Campbell & Naidoo, 2017), online reviews (Skalicky, 2013) and crowdfunding texts
(Liu & Deng, 2016). Despite this utility, theoretical and methodological challenges per-
sist, particularly in adequately defining ‘communicative function’ for identifyingmoves,
with similar terms such as rhetorical function, communicative purpose and communica-
tive intention, are often used interchangeably (Askehave & Swales, 2001; Bhatia, 1996).
While individual moves are often richly described, methods for identifying them remain
opaque, limiting replicability. Moreno and Swales (2018) propose a bottom-up approach,
identifying steps and sub-moves first and only later categorizing these into higher-level
moves. However, their functional approach lacks consistent, formal criteria.

Another challenge lies in using moves to define genre membership. Early studies of-
ten relied on the presence of ‘obligatory’ and ‘optional’ moves, particularly in academic
genres (Biber et al., 2007; Swales, 2004). However, in more fluid genres, researchers
have tended towards more flexible terms, for example Samraj and Gawron (2015, p. 95),
found that no move occurs in 100% of suicide notes. Instead, they propose identifying
‘core’ moves and ‘minor’ moves based on frequency. Building on Samraj and Gawron’s
concept, Chiang (2018) extends this to online child abuse conversations, using move fre-
quency to assess “coreness” and their relevance to the text type. These studies suggest
that ‘occluded’ genres, lacking fixed moves or structure, require a more flexible model
of move analysis .

Our study refines move analysis for forensic linguistic application in two ways.
Firstly, by using clauses as the unit of analysis and introducing inter-rater agreement as
a novel method to identify and validate rhetorical moves. Secondly, we follow Chiang
(2018) in using a three-tiered classification system for moves – ‘core’ (nearly 100% of
texts), ‘typical’ (at least 50% of texts) and ‘atypical’ (under 50% of texts). This approach
enhances the reliability of analysis for ‘occluded’ forensic genres.
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4. Data and methods

The 39 written extortion communications were provided by a UK law enforcement
partner. All had been previously classified and investigated as ‘extortion communi-
cations’ by the police, indicating an uptake community that had recognised and la-
belled these texts as belonging to the same genre. The texts all relate to cases that
the law enforcement partner classed as ‘historic’ (at least 12-months old) and either
resolved (‘historic–complete’), or unresolved but no longer under investigation (‘his-
toric–incomplete’).

The study examines the rhetorical structure of the letters, without inferring autho-
rial or case-specific details, due to limited metadata (e.g. on number of perpetrators or
extortion outcomes). The only reliable metadata was the police subdivision into indi-
vidual communications and series (i.e. multiple letters by same author).

Ethical considerations were central, particularly in protecting the confidentiality of
victims and organizations mentioned for the ‘historic–incomplete’ cases that had not
entered the public domain. Ethical approval was obtained from Aston University as well
as compliance with the law enforcement partners’ protocols. Anonymisation was key to
preventing traceability, involving secure storage and systematic redaction of identifiers
(e.g. replacing names with <MaleFirstName1>, <Town>, etc). This process, developed in
consultation with the police, followed best practices in anonymising sensitive linguistic
data. The final dataset comprises 39 texts totalling 9,295 words, with texts ranging from
31 to 951 words (average length: 270 words, standard deviation: 222.2). Figure 1 plots
text length range in the corpus.

Figure 1. Text length in the corpus. As it can be seen, texts are generally short, be-
tween 31 and 261 words long

The dataset was analysed combining qualitative, corpus-based, and computational
methods. Specifically, the letters were coded for rhetorical moves using a new and more
reliable system that uses clauses as the basic unit of analysis and that involve iterative
coding and reliability testing. We first selected five texts randomly and broke them
down to clause units. Then four members of the research group independently analysed
these extortion communications and created preliminary lists of recurring moves. We
compared these preliminary lists and developed a refined set of 11 key moves. Once
the move set had been finalised, we wrote a codebook with definitions and examples
for every move identified (Section 5). Four members of the research team then coded
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moves in the five selected texts and we then calculated the level of interrater reliability
for this coding process (section 5.1).

Section 5.2 introduces a corpus-based analysis of move n-grams and collocations
to explore how moves pattern in the letters. Section 5.3 uses clustering algorithms to
group letters in the corpus in statistically stable and coherent groups based on move
prevalence.

5. The rhetorical moves in commercial extortion communications

Using an iterative annotation method, four coders from the research group indepen-
dently coded five randomly selected texts, broken down into clauses ( 12% of the cor-
pus, 20% of the total clauses). Inconsistencies were discussed and a refined, final set of
11 key moves was agreed. This move codebook includes Opening, Sign-Off, Demand, In-
structions, Justification, Threat, Demonstrating Credibility, Consequences, Additional Per-
suasion, Statement of Purpose, and Pre-Announcement.

Openings and Sign-Offs, similar to other types of written communications, mark
the beginning and the end of the analysed text. Some display more conventional for-
mality, such as Dear <supermarket> directors [S02L01C01]1 or Good luck as I await your
reply [S22L01C49], while others are informal, such asHello, [S17L01C01] and Bye luvvie
[S18L01C27].

Demands are central to extortion letters, urging the addressee to make a payment,
You must pay £50,000 in cash on Sunday 14th May [S08L01C13] and I demand a sum of
250.000 £ in my bitcoin account by the end of December [S02L01C02] or respond to the
author (Get back tome now if you are ready to pay some fees to spare your life [S22L01C31]
and Do not ignore this threat [S13L01C08]). Authors often instruct the addressee not to
contact the authorities (Do not go to the police [S23L01C12]).

Instructions frequently accompany demands, guiding the addressee on how to
deliver payment or perform additional actions. These instructions can be highly detailed
and sometimes make up a large part of the text, as the step-by-step instruction clauses
in this text illustrate:

At 1400hrs you will drive to the <Supermarket1> car park and stop at the unloading
only at the front of the store. Wait for 5 mins then head for <StreetName1>. You
will then drive up to <HouseNumber1> <StreetName1> until you see an off licence
on your left. Take an immediate left turn at this off licence and park up against
the shop wall. You will see a brick construction halfway across the wall 4 bricks
high and rectangle in shape. It surrounds a steel grate. There are bricks inside this.
Lift up the corner brick and place package there. Get in your car and drive off.
[S15L01C50-60]

Justifications provide reasons for the demand, acting as a persuasive technique
on the authors’ part to push the addressees towards compliance. For example, extor-
tionists may claim that their victim owes them money (I feel a little disappointed that
you do not seem to be willing to pay me back my £10000 you owe me [S10L01C03]), pre-
viously caused harm (you kindly made me unemployed [S17L01C06]) or committed a

1The shorthands between square brackets refer to the location of the examples in our corpus. For ex-
ample, S02L01C01 means that the example comes from the first clause of the first letter of the second
letter series. (S stands for series, L for letter and C for clause.)
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crime (Several weeks ago you purchased items of jewellery that were stolen during a rob-
bery at a couple’s home. Five days later the lady suffered a stroke and to all intents and
purposes their lives have been devastated. I must state that I don’t hold you responsible for
these events only to the facts of you buying stolen property [S15L01C1-3]), thus framing
demands (and their subsequent threats) as legitimate and morally justifiable.

Threats are the other fundamental move of extortion communications, used to co-
erce compliance. Threats were classed as a statement that expresses the extortionist’s
willingness or intent to cause physical harm (Get back to me now if you are ready to pay
some fees to spare your life. If you are not ready for my help, then I will carry on with
my job straight up [S19L01C32-34]; You will not be harmed, but your wife, Sons, busi-
ness partners and employees will be [S08L01C7-8]) or damage the business interests of
the targeted company (On the 5th December 2013 your <supermarket> products contam-
inated with salmonella will be simultaneously placed in 25 major retail outlets around the
country [S13L01C01]).

Demonstrating Credibility was performed to support threats, with extortionists
claiming access to the necessary tools (We have devices ready to cease your production
for one day – one week – one month – three months and more [S11L01C12]), knowledge
(As I am writing to you now my men are monitoring you and they are telling me everything
about you [S22L01C27-28]), expertise (we would detect [the tracking device] before we got
close [S09L01C48]), and determination (Secondly I am trained to follow through all plans
I make and will not be deterred from anything or anyone in the in the pursuit of those plans
[S15L01C15-16]). These portray the authors as experienced criminals, often with claims
to membership of organised crime groups.

Consequences contrast the costs of non-compliance (However if you put us to this
trouble we double what we want to 200,000 pounds [S26L01C21-22]) with the benefits of
compliance, such as promises that no further demand will be made (When you deliver
the money I will consider the matter closed. There will be no further contact between us
[S15L01C31-32]). This move also covers a ‘cost/benefit analysis’ of compliance, where
authors tend to minimise the costs (<company name> as a company is financially stable
and should be able to pay [S12L02C7-8]) and maximise the benefits of compliance (you
can quickly protect the public [S26L01C17]).

Additional Persuasion, encompasses a variety of persuasive techniques, grouped
into a single move for practical operation of the analysis. This included non-
negotiability (This is a serious requirement and is not negotiable [S09L01C7-8]), appeal to
reason (but stupid you are not [S05L01C24]), or to the futility of resistance (You cannot
win [S10L02C69]), appeals to moral duty (so the faith or your employees and customers is
in your hands [S02L01C05]), and follow-up promises (We will be in touch [S07L01C19]).

Statement of Purpose declare the communicative purpose of the texts (Subject:
extortion message [S20L01C06]), suggesting some awareness of ‘genre’ by extortionists
themselves.

Pre-Announcements introduce the move that will follow, such as the heading In-
structions [S08L01C19] before the instructions.
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5.1. Prevalence of moves

Once the codebook had been finalised, the sample of texts was then re-coded, achieving
high interrater reliability using percentage agreement (88% of codes with 75% agree-
ment), following Rau and Shih’s 2021, who argue this is more appropriate for this type
of unit-boundary coding2.

A trained, external coder was then introduced, who first coded the same five texts.3

The high level of agreement was maintained, with 84% of clauses achieving agreement
above 75% and 68.7% in 100% agreement between all coders. The coder then indepen-
dently annotated the rest of the corpus, with ongoing discussions with the research
team to ensure consistency.

Table 1 shows the range (percentage of texts where a move appears at least once)
and frequency (percentage of clauses for each move across all texts) of the 11 rhetorical
moves across the 39 texts, divided into 1,062 clauses.

Table 1. The range and frequency of moves in the corpus

Results show threats and demands are the two core moves, found in 92.3% of texts.
Demands appear in every stand-alone written text and multi-text series, while Threats
also occur in every multi-text series and in almost all stand-alone communications, ex-
cept one in which the author implicitly implies intimidation by referencing damage to
an organised crime member’s car.

Beyond these two core moves, other typical moves (Consequences, Instructions,
Demonstrating the Credibility, Openings, Additional Persuasion, and Sign-Offs) appear
in more than three-quarters of the texts. The prevalence of discussing Consequences
and Demonstrating Credibility, along with Additional Persuasion, suggests that while
threats are a fundamental persuasive tool, extortion communications employ a broader
range of persuasive techniques.
2Percentage agreement is calculated in a pairwise manner, i.e. between two annotators at a time. That
is, the coding of Annotator 1 is compared to the coding of Annotator 2, then to the coding of Annota-
tor 3, and so on. If the codings of the two annotators coincide, a value of 1 is assigned to the cell. If the
codings diverge, it is assigned 0. This process is repeated for every annotator, for a total of 6 compar-
isons (1 vs 2, 1 vs 3, 1 vs 4, 2 vs 3, 3 vs 4). The total is then divided by the total number of comparisons
and assigned a percentage score. A score of 100% is given to instances in which all 4 annotators agree,
75% is given to cases in which 3 out of 4 annotators agree, and so on.

3We follow the rule of thumb followed by the literature that values greater than 0.70 are typically ac-
ceptable for consistency estimates of interrater reliability (Stemler, 2004).
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Less surprising is the widespread presence of Openings and Sign-Offs, reflecting
norms in written communications more generally, while the prevalence of Additional
Persuasion aligns with the generally persuasive nature of extortion communication.

Finally, three of the moves identified, Pre-Announcement, Justification, and State-
ment of Purpose, can be considered atypical, present in less than 50% of the texts. Jus-
tification therefore emerges as the least common persuasive technique.

The mosaic plot in Figure 2 visualises the frequency of each move within individual
texts, showing that frequency of moves, especially the core and typical moves, varies
greatly across individual texts. For example, Demonstrating Credibility (in orange) is
rather dominant in texts 13, 25 and 39, but it becomes much less prevalent in texts 9, 32
and 36.

Figure 2. Prevalence of moves within individual texts. Thickness of bars refer to
length of the text (longer texts have thicker bars). The moves are shown in the leg-
end in alphabetical order: AdP - Additional Persuasion, Con - Consequences, Dem -
Demand, DemCred - Demonstrating Credibility, In - Instructions, Jus - Justification,
Op - Openings, PrA - Pre-announcement, SO - Sign offs, SoP - Statement of Purpose,
Th - Threat.

5.2. Move patterns

Having coded moves across the corpus, we use corpus linguistics to explore patterns in
the sequencing of moves. The importance of using corpus linguistic methods to enhance
and complement discourse studies has been highlighted in the literature (Biber et al.,
2007; Upton & Cohen, 2009), as it enables
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“detailed but generalizable analyses of discourse structure across a representa-
tive sample of texts from a genre. (. . . .) It is then possible to identify the se-
quences of move types that are typical for a genre, and against that background
it is also possible to identify particular texts that use more innovative sequences
of move types.” (Upton & Cohen, 2009, p. 588).

Recurrent structures of moves have been found in many professional contexts, such
as promotion letters and job application letters (Bhatia, 1993), and business letters of
negotiation (Dos Santos, 2002). However, when the method is applied to forensic texts,
linear structures in the moves are not always found. For example, Samraj and Gawron’s
2015 study of suicide notes found texts only required onemove from a set of ‘core’ moves
to be included in the ‘genre’ and that they displayed a great variation in structure.

Having access to a relatively large corpus of extortion letters from a variety of dif-
ferent authors gives us the perfect testbed to explore whether any recurrent patterns of
moves can be found in this illicit genre. To do so, we employ corpus linguistics methods
using LancsBox (Brezina, Weill-Tessier, & McEnery, 2020). For these analyses we con-
sider moves as a whole, and not clauses, as units. That is, a move that spans multiple
clauses is considered to be one unit (leaving us with 612 moves across 39 texts). So, ex-
ample 1.(a)-(c) below (taken from text 008) consists of 3 consecutive clauses which were
all coded as one move (Threat).

1. (a) The consequences will be Very serious.
(b) You will not be harmed,
(c) but your wife, Sons, business partners and employees will be.

We analyse patterns of moves using ngram and collocation analysis. We use ngram
analysis to explore sequences of two or three adjacent moves, while collocation analy-
sis is instead focused on the co-occurrence of two non-adjacent moves within a 2L 2R
window span (i.e., 2 moves to the left 2 moves to the right). The ngram analysis of move
sequences allowed us to find fixed patterns, whereas we used the collocation approach
to explore looser associations between two moves, where two moves can stand directly
next to each other or can have any third move between them. The minimum raw fre-
quency in both ngrams and collocation analysis was 1. After applying the above criteria,
we found 392 move sequences and 142 collocations.

Table 2. The ten most frequent move ngrams in the corpus
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Table 2 shows the ten most frequent move sequences in the corpus, all of which
are bigrams (i.e. sequences of two moves). As expected, the most frequent sequences
are made up of the most frequent moves. For example, the joint most frequent se-
quence, Consequence-Threat and Demonstrating Credibility-Threat, feature the three
most frequent moves: Demonstrating Credibility (19.4%), Threat (15.7%), and Conse-
quence (15.4%). This suggests that there are no preferred sequential patterns of moves
in our corpus, and that on the contrary moves occur quite freely in texts.

Moreover, none of the sequences can be considered typical, as even the most
widespread one, Consequence-Threat, only appears in 43.6% of the texts, while the rest
occur in around only one third of the extortion notes. The ngram analysis also suggests
that the moves do not follow any specific order in the analysed texts. For example,
Consequence is followed by Threat 22 times while Threat is followed by Consequence 20
times. Similarly, Instruction comes after Demand 19 times and Demand after Instruction
16 times.

These results overall indicate that while the analysed extortion communications do
have core and typical moves, these moves do not form recurrent structural patterns. In
other words, while genres with a strong community of practice generally show a fixed
order of recurrent move sequences (e.g. academic articles, Swales 1990), the generic
structure of this text type appears to be driven by function rather than by a fixed order
of recurrent move sequences. In this sense, the common features of the genres are more
functional than formal. This raises interesting questions concerning the notion of genre
based on observation of the same functions across texts, rather than the ordering or ar-
rangement of these functions. This finding is in line with other works on genres that do
not have a clear community of practice, such as the already mentioned work by Samraj
and Gawron (2015) on suicide notes and this clearly deserves further investigations.

Table 3. The ten most frequent move collocations in the corpus

Table 3 reports the tenmost frequent move collocations in the analysed texts, which
reinforce the key findings of the ngram analysis. While the most frequent moves form
the top collocations, the collocations themselves are not particularly frequent, albeit
more common than the sequences, suggesting that the moves do not form typical pat-
terns in the texts.

Figures 3 and 4 show move maps of the corpus. Move maps are colour-coded visual
representations of the move structure and patterns in each text of the datasets (Chi-
ang & Grant, 2017, 2019). In Figure 3, each move is represented by a different colour,
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and horizontal bars represent individual texts. It is immediately clear by looking at the
colour distribution that very little stable patterning is present, apart from Openings and
Sign-Off. On the contrary, there is great variety in the possible order that the moves
can take across different texts. Figure 4 is a different take on a move map, showing the
positions each individual move can take in the texts. It importantly reveals that one of
the main reasons why we were unable to find any typical move patterns is that most
moves do not have any typical position in the texts in the first place.

Figure 3. Move maps of commercial extortion communications. The moves in the
legend are shown in alphabetical order: AdP - Additional Persuasion, Con - Conse-
quences, Dem - Demand, DemCred - Demonstrating Credibility, In - Instructions, Jus
- Justification, Op - Openings, PrA - Pre-announcement, SO - Sign offs, SoP - State-
ment of Purpose, Th - Threat.

Figure 4. Positions of individual moves across communications. The moves in the
legend are shown in alphabetical order: AdP - Additional Persuasion, Con - Conse-
quences, Dem - Demand, DemCred - Demonstrating Credibility, In - Instructions, Jus
- Justification, Op - Openings, PrA - Pre-announcement, SO - Sign offs, SoP - State-
ment of Purpose, Th - Threat.

Apart from Openings and Sign-Offs, which of course appear at the start and end
of the communications, all the other moves can take any position. Threats for example
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(in gray at the top of the graph) can appear in virtually any position, from clause 1 to
clause 70.

Overall, then, although the texts in this collection of extortion notes hold a similar
communicative purpose and two core moves decisively emerge from the data, there is
no consistent sequence or pattern to those moves. The relationship between the texts
is perhaps of a somewhat ‘looser kind’ (Swales, 1990, p. 49) but they share a family
resemblance through the core moves contained (Swales, 1990, p. 52), perhaps partly
accounted for by the lack of a coherent discourse community within which these texts
are written.

5.3. Clusters of moves

Since no dominant move pattern was found in the data, we turned to explore whether
groups of texts can be identified within the corpus based on move frequency (and not
positioning). The use of computational techniques that use rhetorical moves as input
data is an innovative method first introduced by Chiang and Grant (2019). Here, we
use clustering algorithms based on move frequency to explore whether texts can be
grouped into statistically relevant and meaningful clusters based on move presence,
absence, or frequency.4 In other words, we want to see if moves can be reliably used not
only as a descriptive tool, but also as a reliable variable for text differentiation. If that is
the case, our more principled approach to move analysis can be potentially used as an
investigative tool (similarly to what Chiang and Grant, 2019 propose).

As a preparatory step, we adopt term frequency-inverse document frequency (TF-
IDF), which determines how relevant a word is to a particular document in view of the
corpus under consideration. This is done by multiplying the frequency of the word in a
document by the inverse document frequency of the word across the entire set of docu-
ments. In our case, instead of word frequency we usemove frequency. Each text is hence
defined by a set of 11 features, where each feature is the product of move frequency
within each text, and the inverse frequency of texts in which each move appears. To
prevent small feature values from being overshadowed by large ones, all features were
scaled to mean value of zero and standard deviation of one, as a means of normalisa-
tion. We also estimated products of features by taking any 2, 3, 4, 5, 6, 7, 8, 9, 10 and
11 features at a time (Naseer, Noori, Qureshi, & Hong, 2016). Empirical selection was
performed with a view to identifying explainable, logical patterns in the dataset. This
procedure revealed that a combination of 6 and 7 features was optimal, hence we aug-
mented our dataset with a combination of these feature products taking any 6 and 7
features at a time. Hence, the dataset consists of 39 texts each defined by a total of 803
features FORMULA.

To ensure reliability, three clustering algorithmswere applied: hierarchical clustering
(Murtagh & Legendre, 2014), k-means clustering (Hartigan & Wong, 1979) and partition
around medoids clustering (PAM, Kaufman & Rousseeuw, 1990). The number of clus-
ters tested ranged from 2 to 6, reflecting the corpus’s limited size. Performance was
evaluated using both interpretability and statistical metrics – connectedness, compact-
ness, separation, and stability – using the R packages ‘clValid’ and ‘fpc’(Brock, Pihur,
Datta, & Datta, 2008; Hennig, 2020). These metrics assess (respectively) how well texts

4R code is available as supplemental material.
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are grouped, how distinct the clusters are, and how consistent results remain under re-
sampling. Clustering was based on Euclidean distance and Ward’s linkage, a method
favoured in linguistic studies for producing balanced clusters.

Agglomerative hierarchical clustering with two clusters emerged as the most effec-
tive method, producing robust and interpretable groupings. Notably, both hierarchical
and k-means clustering yielded identical results: one cluster contained two specific texts
(S14L20 and S21L28), while the other included the remaining 37 (see Figure 4). This con-
vergence, despite differing methodologies, suggests a strong underlying structure in the
data (Handl, Knowles, & Kell, 2005).

The resulting clusters also demonstrated high stability scores (0.96 and 0.84), re-
inforcing the reliability of the findings and the presence of meaningful patterns in the
corpus. Results show that cluster 1 consists of texts displaying all 11 moves, while texts
in cluster 2 have at least one of themovesmissing. Thismeans that the cluster algorithm
was able to group the texts based on the presence or absence of atypical moves. When
we explored which of the atypical moves provide greater separation between the two
clusters, we find that combinations including ‘Justification’ and ‘Statement of purpose’
make the greatest contribution. That is to say that the top 10 feature combinations
which include those two moves increased the separation between the clusters.

This result suggests that the moves identified in the corpus have at least some pre-
dictive power. The difference between core and atypical moves seems to be crucial in
separating groups of letters, which – in datasets with more reliable metadata – can be
useful for investigative contexts.
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Figure 5. (a) Cluster dendogram for hierarchical agglomerative clustering. The la-
bels represent identifier for each text in the corpus. The red and green rectangles
represent the two clusters identified by the algorithm. (b) Scatter plot of the clusters
identified by K-means (K=2) algorithm. Cluster 1 is represented in red and cluster 2
is represented in blue. The tightly overlapping labels for cluster 2 indicate that these
data points all occupy the same area in the two-dimensional space.

6. Conclusions

This study provided an innovative approach to applying Move Analysis to the illicit
genre (Bojsen-Møller et al., 2020) of commercial extortion letters, providing a notewor-
thy profile of the functional features in this genre. Specifically, we analyse the biggest
corpus so far of commercial extortion letters, EXCrOW, with an improved version of
Move Analysis. We tackle the lack of methodological clarity of the method by intro-
ducing clauses as the minimum unit of analysis and performing iterative coding and
interrater reliability testing.

We found 11 rhetorical moves in our data: Opening, Sign-Off, Demand, Instructions,
Justification, Threat, Demonstrating Credibility, Consequences, Additional Persuasion,
Statement of Purpose, and Pre-Announcement. The two most prevalent moves identi-
fied are Threats and Demands, which appear in 92.3% of the texts. Beyond these, how-
ever, we have also found six typical moves which appear in more than half of the texts:
Consequences, Openings, Instructions, Demonstrating Credibility, Additional Persua-
sion, and Sign-Off. Our analysis therefore highlights that while demands and threats
are, perhaps inevitably, the most fundamental persuasive tools of the genre, authors
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also resort to a plethora of other communicative techniques, such as discussing Conse-
quences of compliance and non-compliance, Demonstrating Credibility and Additional
Persuasion. This suggests that in assessing the level of threat posed by an extortion let-
ter, a more nuanced approach should be taken, considering not only explicit or implicit
threats alone.

With regards to the discourse structure of commercial extortion communications,
corpus linguistic analyses and move maps show that there are no discernible structural
patterns in the data. Corpus-based analyses of moves – as discussed in Upton and Co-
hen (2009) – are essential for a more generalisable but at the same time fine-grained
study of discourse structures and function. Extortion communications, like other illicit
genres that lack a community of practice, seem to be better described in terms of preva-
lence rather than recurrent patterns of moves. In other words, while traditional genres
like business letters or academic articles generally display a fixed structure, with identi-
fiable structural patterns of moves, extortion communications exhibit a flexible internal
structure. This is confirmed by our computational analysis, that using clustering algo-
rithms demonstrates that meaningful distinctive groups of texts can be identified based
on the presence or absence of rhetorical moves. We interpret these result as indicating
that extortion as a genre is mainly driven by function rather than by strict internal for-
mal constraints. This functional nature of extortion letters is due – we claim – to the
absence of a coherent discourse community.

Our findings have important implications for the study of forensic genres at large.
In fact, corpus-based analyses of recurrent patterns of discourse units (Biber et al., 2007;
Upton and Cohen, 2009) work remarkably well for quantifying discourse information
for most genres, but forensic genres – such as suicide notes or extortion letters – escape
the notion of genre as made of recurrent and predictable patterns of discourse units.
Rather, the rhetorical moves in these text types combine freely with no discernible pat-
tern. Therefore, we argue that using clustering based on move prevalence – rather than
methods rigidly based on sequencing – is an alternative quantitative analysis tool for
illicit genres.

In terms of methodological implications, this paper intends to inform the methods
of future studies that employ rhetorical moves. Firstly, using a consistent and easy-to-
define unit of analysis (such as clauses) provides for a higher and better reliability to
move analysis, making the method more principled and replicable. Secondly, the use
of multiple coders and interrater reliability testing ensures that the coding of rhetorical
moves remains principled and potentially replicable. Finally, we also combine qualita-
tive move analysis with quantitative methods such as move maps, ngrams and colloca-
tion analysis of moves, and cluster analysis. This demonstrates that a principled move
analysis can be successfully combined with quantitative tools to explore move patterns
and positions within individual texts as well as distinctive groups of texts in a corpus.
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