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Abstract
Acute alcohol intake is known to enhance inhibition through facilitation of GABAA receptors, which are present in 40% of
the synapses all over the brain. Evidence suggests that enhanced GABAergic transmission leads to increased large-scale
brain connectivity. Our hypothesis is that acute alcohol intake would increase the functional connectivity of the human
brain resting-state network (RSN). To test our hypothesis, electroencephalographic (EEG) measurements were recorded from
healthy social drinkers at rest, during eyes-open and eyes-closed sessions, after administering to them an alcoholic beverage
or placebo respectively. Salivary alcohol and cortisol served to measure the inebriation and stress levels. By calculating
Magnitude Square Coherence (MSC) on standardized Low Resolution Electromagnetic Tomography (sLORETA) solutions, we
formed cortical networks over several frequency bands, which were then analyzed in the context of functional connectivity
and graph theory. MSC was increased (p,0.05, corrected with False Discovery Rate, FDR corrected) in alpha, beta (eyesopen) and theta bands (eyes-closed) following acute alcohol intake. Graph parameters were accordingly altered in these
bands quantifying the effect of alcohol on the structure of brain networks; global efficiency and density were higher and
path length was lower during alcohol (vs. placebo, p,0.05). Salivary alcohol concentration was positively correlated with
the density of the network in beta band. The degree of specific nodes was elevated following alcohol (vs. placebo). Our
findings support the hypothesis that short-term inebriation considerably increases large-scale connectivity in the RSN. The
increased baseline functional connectivity can -at least partially- be attributed to the alcohol-induced disruption of the
delicate balance between inhibitory and excitatory neurotransmission in favor of inhibitory influences. Thus, it is suggested
that short-term inebriation is associated, as expected, to increased GABA transmission and functional connectivity, while
long-term alcohol consumption may be linked to exactly the opposite effect.
Citation: Lithari C, Klados MA, Pappas C, Albani M, Kapoukranidou D, et al. (2012) Alcohol Affects the Brain’s Resting-State Network in Social Drinkers. PLoS
ONE 7(10): e48641. doi:10.1371/journal.pone.0048641
Editor: Gareth Robert Barnes, University College of London - Institute of Neurology, United Kingdom
Received June 8, 2012; Accepted September 28, 2012; Published October 31, 2012
Copyright: ß 2012 Lithari et al. This is an open-access article distributed under the terms of the Creative Commons Attribution License, which permits
unrestricted use, distribution, and reproduction in any medium, provided the original author and source are credited.
Funding: This work has been partially funded by the Committee for Biomedical Research, Central Health Council of the Greek Ministry of Health and Social
Solidarity (project 83785). The funders had no role in study design, data collection and analysis, decision to publish, or preparation of the manuscript.
Competing Interests: The authors have declared that no competing interests exist.
* E-mail: bamidis@med.auth.gr
. These authors contributed equally to this work.

An important finding is that short-term alcohol consumption
disrupts the delicate balance between inhibitory and excitatory
neurotransmission in favor of inhibitory influences [12], [13].
Inhibitory neurotransmitters transiently decrease the responsiveness of other neurons to further stimuli, whereas excitatory
neurotransmitters produce the opposite effect. Evidence suggests
that alcohol can acts by increasing inhibitory neurotransmission,
by decreasing excitatory neurotransmission, or through a combination of both [13]. The general consensus is that acute alcohol
intake facilitates the GABAergic transmission, and inhibits
glutamatergic function [14]. The transmission and function of
other neurotransmitters like dopamine, serotonin and opiates is
also affected.
Alcohol’s effect on neurotransmitters may, at least partially,
explain some of the complex behavioral manifestations of
intoxication in both animals and humans. GABA induction has
been associated with the observed sedation effects [15], [16] of
alcohol, the reinforcement of dopaminergic [17] and opiate

Introduction
Social drinking, for most people, is an inseparable part of everyday life. Alcohol is used and abused for its ability to modify
emotional states, and more precisely, to reduce anxiety [1], [2]. It
is therefore essential to study the effects of inebriation in healthy,
non-dependent individuals, given the frequency of abuse and
binge drinking. A better understanding of the neural underpinnings of alcohol consumption could have a number of social
implications, including driving situations, work-related hazards
and others [3].
Acute alcohol administration affects behavior [4], [5] cognition
[6], [7], and affective stimuli processing [8], [9]. It is responsible
for the attention deficit observed even in low or moderate levels of
inebriation [8], [10], [11]. The neurophysiological mechanisms by
which alcohol acts on the brain modifying behavior have received
much attention from scientists especially during the last few
decades. However, they are still poorly understood.
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pathways [18] are responsible for the excitement following alcohol
administration, and the inhibition of the glutamate activity [19] is
linked to difficulty in the formation of new memories and muscular
coordination [20].
The GABA neurotransmission is of particular interest in alcohol
intoxication, since (i) it has been associated with a person’s
susceptibility to develop alcohol abuse or dependence [21], (ii) it is
the main inhibitory neurotransmitter in the human brain, and (iii)
its receptors are the most common in the mammalian nervous
system [22]. Alcohol inhibits the activity of signal-receiving
neurons by interacting with the GABAA receptor embedded in
their cell membrane [23]. When GABA molecules bind to the
receptor and activate it, the latter temporarily opens and allows
the entrance of negatively charged molecules, such as chloride
ions. Alcohol enhances the ions flow into cells thereby enhancing
neuronal inhibition.
The disrupted balance between inhibitory and excitatory
neurotransmission at the microscopic level caused by alcohol
intoxication, may be reflected at the macroscopic level in the brain
activity recorded even from outside the human scalp. Recent
electroencephalographic (EEG) findings suggest that neurotransmission inhibition, induced by GABAergic agonist lorazepam, can
cause a widespread increase in the inter-area functional connectivity and an increase in the strength of functional long-range and
inter-hemispheric connections [24]. Thus, it was proposed that
enhanced inhibition is an efficient mechanism for the synchronization of large neuronal populations in the human brain. The
neural synchronization is regarded as a candidate neurophysiological mechanism to explain the dynamic interaction between
spatially distributed regions ([25], see [26] for a review on this
topic).
Since alcohol admission affects significantly the inhibitory
function of GABAA receptors and enhanced inhibition increases
the inter-area functional connectivity, we hypothesize that shortterm alcohol consumption will increase the functional connectivity
of the human brain at rest. We expect the enhancement of the
GABA inhibition activity to potentially affect the brain as a whole
system rather than specific brain regions in particular, since
GABAA receptors are widely distributed in the human brain.
In the current piece of work, we examine how acute alcohol
intake modulates the human brain functional coupling of the
resting-state network (RSN). The study of RSN is of particular
importance for studying the GABA neurotransmission mechanism, since GABA concentration in specific regions has been
recently found to be positively correlated with their activation at
rest [27–29]. To test our hypothesis, EEG data were recorded
from non-addicted young individuals at rest after they have been
administered with an alcoholic beverage or a placebo. Magnitude
Square Coherence (MSC) was used to measure the functional
connectivity between cortical sources estimated with standardized
Low Resolution Electromagnetic Tomography (sLORETA) [30].
Since we expect large-scale brain connectivity to be affected, the
global structural characteristics of the brain functional network
should be studied. This kind of information is not available by
routine functional connectivity analysis. Thus, as suggested in
previous literature [31–33] as well, graph theory was employed for
this analysis and the parameters that quantify the topological
characteristics of the brain functional networks were estimated.
Their modulation by alcohol was statistically tested to reveal
information about the changes in the nature of brain networks due
to short-term consumption of alcohol. Salivary alcohol and cortisol
served to measure the inebriation and stress levels accordingly.
The correlation of parameters of the brain functional network to
the salivary alcohol and cortisol concentration were also tested.
PLOS ONE | www.plosone.org

Materials and Methods
Participants
Twenty-six healthy right-handed individuals (12 females, 14
males), with a mean age of 26.161.8 (mean 6 SD), and free of any
neurological or hepatic disorders, participated in the study. Female
participants were in the first half of their menstrual cycle. All
participants were free of any medication and completed a
questionnaire on their drinking habits. The selected participants
were characterized as light drinkers [34], meaning that they were
accustomed to drinking 1–3 drinks per occasion, 1–2 times weekly.
Their Body Mass Index (BMI) was 21.863.1 (mean 6 SD).
Participants were asked to refrain from alcohol consumption for at
least 48 hours prior to recordings, as well as from smoking,
caffeine, and food for at least 3 hours prior to recordings. The
experimental procedure was approved by the ethical committee of
the Medical School of the Aristotle University of Thessaloniki. All
volunteers provided written informed consent prior to experimentation.

Experimental design
Each participant was tested in two experimental sessions and
received a real alcohol dose (alcohol session) and a placebo
beverage (placebo session). The order of the sessions was
counterbalanced, while the doses were administered doubleblindly. Thus, half of the participants had an alcoholic beverage
in the first session and a non-alcoholic placebo beverage in the
second, while the order was reversed for the other half. The two
sessions were performed at least six weeks apart to ascertain that
the participants had no clear memory of the first session
inebriation level. All experiments started at the same time of the
day (16.00) in order to simulate as close as possible real life
situations (people consume alcohol usually late in the afternoon
and/or evening) and to avoid differences in the circadian rhythm.
EEG and electrooculography (EOG) were collected for five
minutes during an eyes-open as well as an eyes-closed session.
During eyes-open session participants were asked to fixate on a
white cross on a black screen placed 80 cm in front of their eyes,
relax, and refrain from blinking and moving their eyes to the
extent possible. They were also advised to keep their head still and
refrain from falling asleep.

Beverage manipulation
During the alcohol session, participants drank a mixture of two
parts of orange beverage and one part of vodka (vol 37.5%). The
mixture was divided in four doses, each consumed within 5 min.
As a result, alcohol administration lasted twenty minutes and was
followed by an absorption period of 25 min. The alcohol dose was
adjusted (for males 0.48 g/kg and for females 0.38 g/kg) in order
to achieve a Blood Alcohol Concentration of 0.7 g/L [35]. During
the placebo session, the same volume of drink, consisting only of
orange beverage, with a few drops of vodka on the surface and on
the glass edge to achieve the odor of alcohol was offered to the
participants. The first dose contained slightly more vodka drops
than the following ones, in order for the participants to sense a
strong initial taste of alcohol similar to the alcoholic beverage [36],
[37].

Saliva alcohol concentration
In order to assess inebriation following acute alcohol intake,
saliva samples were collected [38], [39] 20 min after the end of the
alcoholic or the placebo beverage administration. The above time
was selected since peak alcohol blood concentration is reached
twenty minutes following consumption [40]. The Saliva Alcohol
2
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selected EEG segments from the two experts, the common
segments were used and completed by the artifact-free EEG
segments selected by the first expert.

Concentration (SAC) was determined by head-space gas chromatography coupled with a flame ionization detector. All analyses
were performed with an in-house method previously developed
and fully validated in [41]. The SAC achieved was 0.665 g/
L60.17 and no significant difference was observed between males
and females (p = .875, F (1, 25) = .026). Following consumption of
the placebo beverage, no alcohol was detected in saliva.

Estimation of cortical sources
Cortical source time series were estimated with sLORETA [30]
using Brainstorm 3.0 ([45], http://neuroimage.usc.edu/
brainstorm). The sLORETA solutions are computed within an
average head model reconstructed of 152 normal MRI scans
(Montreal Neurological Institute, http://www.loni.ucla.edu/
ICBM/) co-registered to the Talairach probability brain atlas
[46]. The four basic layers (scalp, outer-skull, inner-skull, and
cortex) which describe the different conductivity levels of the head
structures [47], [48] were extracted using the Boundary Element
Method (BEM), implemented in the Brainstorm toolbox. The
different compartments of the volume conductor model were
approximated by fitting a closed triangular mesh with 259 nodes
onto the cortex, in order to get a smooth approximation of the
average cortical surface (131 at left and 128 at right). On each
vertex there is only one dipole and its orientation is the normal to
the cortex surface at that point. Thus, the cortical network was
down-sampled to the ‘a-priori’ defined 259 electrical dipolesnodes. The electrode coordinates were based on the average
location of the 10-20 EEG system. Selected artifact-free EEG
segments were used for calculating the sLORETA intracranial
spectral density with a resolution of 1 Hz, from 1 to 45 Hz.

Saliva cortisol concentration
Two extra saliva samples were collected from each participant
during each session in order to measure salivary cortisol. The first
one was collected upon arrival, prior to the procedure (pre-intake),
while the second one 20 min after beverage consumption (postintake), just before the recording, when alcohol is expected to
reach its peak concentration in blood [40] and cortisol level is
expected to be modulated [42].
The Salivette device (Sarstedt, Numbrucht) was used to collect
and measure the salivary cortisol. The sample was moved into the
laboratory’s cooler and it was centrifuged in a cylindrical plastic
tube to isolate the saliva, approximately 1.5–2 mL. Saliva samples
were then stored at 220uC. The participant must abstain from
food, and coffee at least two hours prior to sampling, as these
factors change the environment of the oral cavity and the
activation of the Hypothalamic Pituitary Adrenal (HPA) axis.
The measure of the cortisol in the saliva samples was performed
with the Enzyme-Linked immunosorbent test (ELISA), also known
as immunoassay, which is mainly used in immunology to detect
the presence of an antibody or an antigen in a biological sample.
The lower limit of sensitivity was determined by interpolating the
mean minus 2 standard deviations for 18 zero standards. The
minimal concentration of cortisol that can be distinguished from
zero, is 2.5 pg/mL.
The difference in the stress levels caused by alcohol or placebo
intake was assessed indirectly, that is, by means of the difference
between the post-intake and the pre-intake cortisol values. The
difference in the stress levels of the participants was the same for
alcohol and placebo administration (p = .5, F (1, 25) = .046),
meaning that the effect of alcohol and placebo drink on the stress
levels was the same, as in previous literature [34], [43].

Functional connectivity analysis
Functional connectivity was estimated across cortical sources,
rather than across EEG sensors, because source topographies
largely overlap at the EEG sensor level. We used MSC as a pairwise connectivity measure.
MSC is a function of the Power Spectrum Density (PSD) of two
signals x and y (Pxx and Pyy), and the cross PSD (Pxy) of signals x
and y in a certain frequency f.

MSCxy (f )~

Data recordings and preprocessing

Pxx (f )Pyy (f )

P was estimated using the Welch method [49]. The signals were
divided into segments containing 400 samples, with 50% sample
overlap. P was then computed using the formula:

EEG signals were recorded (Nihon Kohden) from 57 scalp sites
with a sampling rate of 500 Hz. The scalp electrodes were placed
on a cap (EASYCAP) according to the 10/10 system. The
electrodes were commonly referenced to the average of the two
linked mastoid electrodes. EOG signals were also recorded
simultaneously by means of four electrodes placed around the
eyes (one above and one below the right eye, and another two
placed at the outer canthi of each eye). The vertical EOG (VEOG)
was calculated as the difference between the two signals recorded
above and below the right eye, while the horizontal EOG (HEOG)
as the difference between the signals recorded from the left and the
right electrodes respectively. EEG signals were band-pass filtered
between 0.5 and 90 Hz, while EOG signals between 0.5 and 8 Hz.
Ocular artifacts were removed from the EEG signals by means of
the REG-ICA methodology applying the technique proposed in
[44]. From each dataset, ten (10) sec of ongoing brain activity were
randomly selected by two individual experts to be included in the
analysis. The artifact free segments were selected by two
independent EEG experts in our lab. Each of them had to select
15 segments of artifact-free EEG segments from a continuous
recording of 10 min. An overlap of at least ten segments between
the two experts was required in order for the data to be further
used in the analysis. In case there was a discrepancy between the
PLOS ONE | www.plosone.org



Pxy (f )

1
P(f )~
fs L s U

fsð=2

Dxx (r)jW ðf {rÞj2 dr

{fs =2

where Dxx is the Discrete Fourier Transform of the signal’s
correlation sequence Rxx , fs is the sampling frequency (here
500 Hz), Ls is the segment length and U is a normalization
constant ensuring that P is asymptotically unbiased.

U~

{1
1 LX
jw(n)j2
L n~0

Finally, the W ðf {rÞ is a Hamming window centered on
frequency f . The MSC of each pair of cortical dipoles, x and y,
was calculated for each frequency band (delta (d) 0.5–4 Hz, theta
(h) 4–8 Hz, alpha (a) 8–12 Hz, beta (b) 12–30 Hz, gamma (c) 30–
45 Hz).
3

October 2012 | Volume 7 | Issue 10 | e48641

Brain Connectivity following Inebriation

The networks consisting of nodes and connections were,
therefore, mathematically represented as graphs. This information
was stored in the form of a 2596259 Adjacency Matrix (AM),
which in this case is symmetric, since MSCxy = MSCyx. For each
subject, two weighted AM matrices were calculated, one for the
alcohol and another for the placebo session. To reduce the
complexity of the AMs, the original MSC values ranging from 0 to
1 were subjected to subsequent thresholds converting the weighted
graphs into binary ones.

S~

C=Crand
L=Lrand

Finally, in an undirected network, the node degree is defined as
the number of links connected to this node. This is not a largescale parameter, since it is calculated for each node separately
(herein 259) and it is not one single value globally characterizing
the network.

Calculated graph parameters
For each threshold and frequency band, for each of the two
binary networks (alcohol and placebo sessions), and for each
participant, the following parameters were calculated: density,
characteristic path length, global efficiency, clustering coefficient,
small-worldness and degree of each node.
Density (K) is the simplest parameter and is defined as the
number of existing edges (E) divided by the number of the possible
edges among nodes (N).
K~

Statistical analysis
For each connection during both eyes-open and eyes-closed
sessions and in all frequency bands, repeated measures Analysis of
Variance (ANOVA) was performed on the MSC values to reveal
differences (alcohol vs. placebo intake) in the connectivity. The
results were corrected for multiple comparisons (False Discovery
Rate (FDR) [52]).
After constructing the binary graphs for multiple thresholds,
repeated measures ANOVA (alcohol vs. placebo) was performed
for each threshold on the globally estimated network parameters
(density, characteristic path length, global efficiency and clustering
coefficient, p,.05) and on the degree of each node (p,.05, FDR
corrected similarly to [53]).
Correlations of the inebriation level, measured through SAC,
with the concurrent network parameters during alcohol sessions
were calculated for each threshold and only for the frequency
bands where significant alcohol effects were observed. The postintake cortisol values, reflecting the stress levels at the time of EEG
recordings, were also correlated with the concurrent network
parameters in all frequency bands for both the alcohol and
placebo sessions. Pearson’s correlation was used and the significance level was set to .05.
Finally, it was tested for all thresholds whether the functional
networks obtained during alcohol and placebo sessions contrast
significantly to ‘random’ graphs or not. A set of 1000 random
undirected graphs with the same number of nodes and links as our
experimental graphs were generated (similarly to [54]). Z-tests
were performed at 0.05 (FDR corrected) to detect significant
differences between the average global and local efficiency values
between the experimental graphs and the random ones.
All statistical analyses were performed in Matlab R2010a
(MathWorksInc, USA).

2E
N(N{1)

Characteristic path length (L) is an integration measure and is
defined as the average of the shortest paths Li between each pair of
connected nodes.

L~

N
1X
Li
N i~1

Global efficiency (E) is also an integration measure and is
defined as the arithmetical mean of the inverse of the shortest
paths between each pair of nodes.

E~

N
X
2
1
N(N{1) i~1 Li

Clustering coefficient (C) is a segregation measure quantifying
the trend of the network to form clusters. It is defined as the mean
of the C of each node i. The Ci of each node is the proportion of
links between the vertices within its neighborhood divided by the
number of links that could possibly exist between them.

C~

Results
Effect of alcohol intake on connectivity
Figure 1 presents the alcohol-induced MSC increase and
decrease after alcohol intake (vs. placebo) for each frequency
band during sessions with eyes-open or eyes-closed. Large-scale
functional connectivity was increased for the alpha and theta
bands for eyes-open and eyes-closed sessions respectively. A
significant decrease of MSC was also observed, but only on a
limited number of connections. The highest number of significantly affected connections was observed in the alpha band (391
increased vs. 5 decreased) for the eyes-open session and in the
theta band (235 increased vs. 8 decreased) for the eyes-closed
session.

N
1X
Ci
N i~1

Characteristic path length, global efficiency and clustering
coefficient were normalized (divided) by the corresponding
parameters of random surrogate graphs [50].
The small-worldness (S) of a network is defined as the ratio of
the clustering coefficient (C) divided by the characteristic path
length (L), both normalized by a set of random graphs with the
same number of nodes and connections [51]. A network is
characterized as a small-world one, when S.1), meaning that the
network has a significantly higher clustering coefficient (C) than a
corresponding random one, while it has approximately the same
characteristic path length (L) as a corresponding random one.
PLOS ONE | www.plosone.org

Effect of alcohol intake on graph parameters
The graph density, path length, global efficiency and clustering
coefficient were compared across participants between alcohol and
placebo sessions. Figure 2 illustrates all these graph parameters
and their modulations by alcohol across different thresholds.
4
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Figure 1. Alcohol-induced significant connectivity differences. Differences during eyes-open and during eyes-closed sessions are presented
in the upper and lower panel respectively. Significantly (p,.05, FDR corrected) increased connectivity is shown in the upper rows (red connections),
decreased in the lower rows (blue connections). The number of significantly affected connections is also presented for each frequency band.
doi:10.1371/journal.pone.0048641.g001

Figure 4A presents the effect of alcohol on node degrees during
eyes-open in alpha band. For specific nodes located mainly in
anterior and medial sites, we observed significant increase of their
degree (p,0.05, FDR corrected). The effect of alcohol on node
degrees during the eyes-closed session in the theta band is
presented in Figure 4B. A significant increase of node degree
(p,0.05, FDR corrected) was observed in specific nodes located
mainly in posterior and medial sites (see Figure 4B). No significant
effects of alcohol were observed for node degrees in any other
frequency band.

In alpha band, density and global efficiency were higher and
characteristic path length was lower during the alcohol session as
compared to placebo (see Figure 2A). In beta band, graph density
was higher, while small-worldness was lower during the alcohol
(see Figure 2B); however, these effects were marginally significant
(p = 0.06). Marginally significant statistics are also reported since
they were observed across subsequent thresholds. Global efficiency
was also marginally increased during alcohol in the theta band
(p = 0.058) for the eyes-closed session (see Figure 2C). We did not
observe any significant difference in other frequencies or in other
graph parameters. At threshold 0.35, all observed alcohol effects
were significant (or marginally significant). For clarity purposes, we
have, therefore, selected to show the rest of the results for this
representative threshold.
Figure 3 illustrates the contrast between random graphs and
those obtained and treated in this study. Separate z-tests were
performed to test the statistical significance of the differences in the
mean values of global and local efficiency and the z-scores are
summarized in Tables 1 and 2 respectively. It is evident that for
both alcohol and placebo sessions in all frequency bands, global
efficiency and local efficiency of the obtained graphs are
significantly higher than the random ones. This fact indicates
clearly that the graphs obtained and treated in this analysis are not
random ones.

PLOS ONE | www.plosone.org

Correlation of SAC and cortisol levels with the RSN
parameters
Since alcohol affected only the network parameters on theta
(eyes-closed), alpha and beta (eyes-open) frequency bands, possible
correlations of network parameters with SAC and cortisol levels
were examined selectively for these bands across different
thresholds. The correlation between the network parameters and
SAC was estimated only during the alcohol sessions, since no
alcohol was detected in the saliva samples in placebo. Significant
(p,0.01) positive correlations between SAC and density for
thresholds from 0.2 till 0.5 were observed in beta band. Figure 5
illustrates the correlation for the particular threshold of 0.35.
Figure 5B and 5C show the functional networks of participants
with high and low SAC. Cortisol concentration in the saliva was
5
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Figure 2. Significant alcohol effect on graph parameters across different thresholds. Double stars (**) indicate significant p-values
(p,0.03), single stars (*) indicate marginally significant effects (p,0.06). To maintain the high resolution and quality of the figures, we did not include
all the results for the many different thresholds, but only for the first seven. Characteristic path length, clustering coefficient, and consequently smallworldness are normalized by random surrogate graphs [49].
doi:10.1371/journal.pone.0048641.g002

Figure 3. Scatter plot of global and local efficiency (threshold set to 0.35). Averaged values are grouped for alcohol (red symbols) and
placebo (blue symbols) for both eyes-open (left panel) and eyes-closed (right panel) sessions. Greek letters designate the frequency band studied
accordingly. The corresponding values of 100 random graphs are represented with black dots.
doi:10.1371/journal.pone.0048641.g003
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Table 1. Contrast of eyes-open graphs with random surrogates.

Eyes-open session
z-scores

Alcohol

Placebo

d

h

a

b

c

d

h

a

b

c

Global Efficiency

145.82

141.23

152.7

128.56

130.32

138.13

138.83

167.29

125.15

167.28

Local Efficiency

223.17

217.42

231.78

201.56

203.76

213.53

214.41

250.07

197.28

250.06

z-values of the 20 contrasts performed with a z-test with significance level at 0.05 (FDR corrected). All contrasts were significant (p,0.001).
doi:10.1371/journal.pone.0048641.t001

not correlated with any graph parameters in any frequency band
or eye session either.

function of GABAA receptors [58]. The observed increased
functional connectivity after short-term alcohol consumption
may be due to the disrupted balance between inhibitory and
excitatory neurotransmission towards enhanced GABA-induced
inhibition. It was assumed that this process may be governed by
voltage-dependent mechanisms in the neuronal somas and the
strategic location of inhibitory synapses on the somas [59], [60].
Both specific synaptic and diffuse extra-synaptic GABAA receptors, which are highly distributed in the human brain, may
mediate the large-scale synchrony involving coordination between
localized networks.
The increased functional connectivity after short-term alcohol
intake is further supported if one considers the reported reduced
functional connectivity observed in chronic alcoholic patients [61].
The balance between inhibitory and excitatory neurotransmission
is disrupted in favor of inhibitory influences after short-term
alcohol consumption [12], [13]. However, evidence suggests that
after long-term alcohol consumption the brain attempts to restore
the equilibrium. Thus, although short-term alcohol consumption
may increase GABAA receptor function, prolonged drinking has
the opposite effect [23], [13]. A decrease in the GABAA receptor
function will thus be reflected as reduced functional connectivity in
chronic alcoholic patients, as it has already been shown by Rogers
and colleagues [61]. On the other hand, an increase in the
GABAA receptor function will be reflected as increased functional
connectivity after short-term alcohol consumption.
We should state, however, that since acute alcohol intake affects
multiple neurotransmitter systems, like the dopaminergic and the
opioids’ [15–20], we cannot exclusively attribute the increased
connectivity to the specific neurophysiological mechanism of
enhanced GABA transmission. A potent link between these
systems and functional connectivity in the human brain remains
to be further investigated.

Discussion
In the present study, the neurophysiology of short-term
inebriation was studied for the first time under the context of
functional connectivity and graph theory. Based on the already
reported (i) facilitated large-scale functional connectivity due to
enhanced GABAergic transmission [24], and (ii) the alcoholinduced enhancement of GABA inhibition [13], [14], we
hypothesized that the acute intake of a moderate dose of alcohol
would increase the brain functional connectivity at rest in social
drinkers. Our hypothesis that the enhancement of the inhibition
activity will affect the whole brain as a functional network, rather
than specific regions in particular has been confirmed by our
findings. The functional connectivity was indeed elevated following inebriation in theta, alpha and beta bands, while the RSN
parameters were accordingly affected. Density and global
efficiency were higher, while path length was lower following
alcohol as compared to placebo. Higher inebriation levels,
measured through salivary alcohol concentration, were linked to
higher RSN density and specific nodes exhibited higher degree
following inebriation.

Alcohol increased the functional connectivity of the RSN
Our hypothesis was confirmed by the elevated functional
connectivity in alpha, beta and theta bands after alcohol as
compared to placebo. Increased undirected functional connectivity
(herein estimated with MSC) is indicative of increased functional
coupling between distributed brain regions exhibiting synchronized neuronal activity [55–57]. The synchronization of large
neuronal populations in alpha and beta bands during rest has been
attributed to neural inhibition, through GABA-signaling [24].
Alcohol is known to induce neural inhibition by enhancing the

Table 2. Contrast of eyes-closed graphs with random surrogates.

Eyes-closed session
z-scores

Alcohol

Placebo

d

h

a

b

c

d

h

a

b

c

Global Efficiency

145.96

141.36

152.84

128.7

130.46

138.26

138.96

167.44

125.29

167.43

Local Efficiency

212.94

207.45

221.16

192.32

194.42

203.75

204.58

238.61

188.24

238.6

z-values of the 20 contrasts performed with a z-test with significance level at 0.05 (FDR corrected). All contrasts were significant (p,0.001).
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Figure 4. Topologies of the nodes with increased degree following inebriation for a representative threshold of 0.35. Left: The
highlighted nodes have a degree significantly altered by alcohol intake (vs. placebo) in alpha band during eyes-open and in theta band during eyesclosed. The size of red nodes is inversely proportional to the significant (, .05) p-values: the larger the node the more significant the effect is. Right:
Mean node degree values of the nodes significantly affected (p,.05) by alcohol for alpha band (upper row) and theta band (lower row) networks
averaged across participants (6 SD).
doi:10.1371/journal.pone.0048641.g004

activation in theta band in the entire cortex in eyes-closed resting
state, while this activation is diminished when the eyes are open
[74]. This fact is in line with our results of increased connectivity in
theta band mainly during eyes-closed sessions. Concluding, theta,
alpha and beta oscillatory activities are those to contribute more in
the RSN [73], a fact that explains the significance of our functional
connectivity findings selectively in these bands.

Alcohol-induced connectivity in the alpha, beta, and
theta bands
The majority of the significant alterations in MSC values were
reported as MSC increases (vs. MSC decreases) observed almost in
all frequency bands; however, they were more prominent in the
theta, alpha and beta (see Figure 1) bands. The importance of
alpha band in the synchronization of the human RSN has been
reported by both functional mapping [62–64] and electrophysiological studies [65–67]. Increased alpha synchronization at rest is
observed in those brain regions that are deactivated during
attention demanding tasks [63], [64]. The alcohol-induced
attention deficit [8], [10], [11] can be traced back to pronounced
alpha band functional connectivity, which indicates a relaxing
inhibited state of low attentional demands [64] [66]. When
attention is required, the human brain under short-term inebriation has to perform a transition from a supposedly ‘deeper’
resting state towards awareness. Moreover, functional connectivity
in beta band, although less studied, has been reported at rest [65],
[68]. Decreased functional connectivity at rest is coupled with low
beta band power [69]. Lower resting-state functional connectivity
in beta and alpha bands has been linked to pathology [70], [71].
Interestingly, in [72] it is deduced that alpha and beta oscillations
are coalescenced at rest.
The role of theta band at rest is also prominent; sharper
topography of the DMN was obtained in alpha and theta bands in
MEG recordings [73]. There is also a study reporting a positive
PLOS ONE | www.plosone.org

Alcohol affected the graph parameters of the RSN
The core graph parameters reflected also the elevated functional
connectivity by detecting consistent alterations in the structure of
brain complex networks. During eyes-open sessions, density and
global efficiency were higher, while path length was lower
following alcohol as compared to placebo in alpha band (see
Figure 2A). The simultaneous increase of density and global
efficiency, along with the decrease of path length, implies extra
functional links among distant brain regions. This would facilitate
their communication and pronounce a costly exchange of
information, confirming our hypothesis for elevated large-scale
connectivity.
Moreover, higher density accompanied with lower smallworldness was observed in beta band during eyes-open (see
Figure 2B). This finding, although marginal, supports the
significant positive correlation of density with inebriation levels
measured in saliva. It is suggested that alcohol induces a
prominent connectivity also in beta band. However, instead of a
8
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Figure 5. Correlation of SAC with the density of the networks for beta frequency band. (A) Scatter plot of SAC values versus beta band
density during the alcohol session; (B) To illustrate this correlation, the averaged functional networks of the 7 participants with the lowest and 7
participants with the highest SAC values are presented as weighted AMs. The weights of these AMs are the MSC values; (C) connections of the
networks in (B), after being converted to binary graphs using a representative threshold of 0.35.
doi:10.1371/journal.pone.0048641.g005
PLOS ONE | www.plosone.org
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corresponding increase of efficiency (like in alpha band) the smallworld structure seems to be obstructed indicating a meaningless
increase of the total wiring cost in the brain network (see next
section for more details).
During eyes-closed sessions, the global efficiency of the networks
in theta band was marginally higher as compared to placebo (see
figure 2C) suggesting again a facilitated distant communication.
This finding is in line with a previous study reporting positive
activation of the whole cortex in theta band during eyes-closed and
not during eyes-open [74].
Core graph parameters were selected for this study since the
main types of graph structure have been defined on the basis of
their values [75]. Significant differences in graph parameters were
observed in the bands with more pronounced connectivity
increases (see Figure 1), that is alpha and beta for eyes open and
theta for eyes-closed sessions. The main alcohol effects were
significant at relatively low thresholds, where the obtained graphs
had enough connections allowing the meaningful estimation of
graph parameters and statistical comparisons between them [76].

The random graphs used as surrogates herein, were generated
keeping the same number of nodes and connections. There are
also other approaches that preserve also the same degree
distribution [83]. However, apart from the much higher computational requirements, little to no difference between this approach
and the usual random surrogates has been reported [49] when
used for the normalization of the parameters obtained from
experimental graphs.

Higher degree was observed for specific nodes
Effects of alcohol on the Central Nervous System (CNS) are
primarily mediated via GABAA receptors, which are expressed
across the brain. Different parts of the brain have, however, a
higher affinity for different subunits [84]. A recent fMRI study
examined alcohol-induced variances in regional GABAA binding
potentials in humans [85]. Alcohol affected mostly the connectivity
of the visual cortex, the cerebellum, the anterior cingulated cortex
(ACC) and the brainstem in relation to somatosensory and
sensorimotor areas, with the most extensive effect observed in the
connectivity between the posterior cingulated cortex (PCC) and
the auditory and somatosensory areas. Moreover, in alcoholics, an
increased synchrony in the dorso-lateral prefrontal cortex
(DLPFC) was observed at rest in an attempt to remap the brain
to compensate for alcohol-induced impairments [86]. Thus,
despite the effect of alcohol on large-scale connectivity mainly
attributed to enhanced GABA transmission, there is also evidence
for the modulation of certain functional networks in the human
brain.
Following our findings on increased large-scale connectivity, the
degree of specific nodes was higher following alcohol (vs. placebo).
Our hypothesis for increased connectivity was reflected on the
higher strength of connections, which in turn resulted to a larger
number of connections on specific nodes. During eyes-open this
was the case for nodes located on the frontal and medial sites in
alpha band, while during eyes-closed this effect was observed for
nodes located mainly on medial and posterior sites (see Figure 4).
Higher node degree indicates a more central role of the node in
the communication among cortical sites.
The spatial pattern of the DMN consists of the regions which
are deactivated during attention demanding tasks independently of
the task, implying significant functionality during resting state (see
Figure 1 at [87]). The DMN involves regions in the ventral medial
prefrontal cortex, the dorsal medial prefrontal cortex, and the
posterior medial and posterior lateral cortices [88–90]. The nodes
with higher degree seem to overlap, at least to an extent, with these
regions adding some topographical evidence to the increased
functional connectivity following alcohol intake. We cannot
though provide safe localization information given the low spatial
resolution of EEG and the lack of anatomical information from the
individual subjects’ MRIs.

Inebriation levels were positively correlated to the RSN
density
The most interesting finding of the present study is probably the
correlation of alcohol concentration measured in saliva with the
human RSN parameters. SAC is an accurate estimator of Blood
Alcohol Concentration (BAC) [38], [39] and was used to
objectively measure the inebriation level of the participants.
SAC was found to be positively correlated with the density of the
brain networks in the beta band (see Figure 5). A higher SAC was
related to a higher number of functional connections in the
network that corresponds to an increased total wiring cost [77].
So, higher inebriation levels indicate higher total wiring cost,
which in the brain depends on the conduction delay along neural
axons, the attenuation of signals in dendrites and the number of
synapses [78]. The positive correlation of SAC with beta band
networks’ density is supportive to the marginally significant effects
of higher density and small-worldness in beta band following
alcohol (vs. placebo).
Neither the correlation with SAC, nor the main effect of alcohol
was significant on global efficiency or characteristic path length.
This fact indicates an alcohol-induced meaningless increase of the
total wiring cost and the absence of a corresponding enhancement
of the communication in the network. Our study provides
evidence for an obstructed functional connectivity pattern due to
alcohol in beta band, a band that has been also linked to emotion
and cognition [79]. Significant increase in beta band connectivity
at rest has been reported also in pathological situations [80].

The graphs under study are not random
From Figure 3 and Tables 1 and 2, it becomes evident that the
graphs obtained by our EEG experiment are not structured like
random ones; this is true for all frequency bands, following both
placebo and alcohol and during both eyes-open and eyes-closed
sessions. On the contrary, they exhibit higher global and local
efficiency, which are both characteristics of small-world networks.
High global efficiency means efficient communication in the brain
network, enhancing interactions between distant cortical sites.
Local efficiency, on the other hand, is similar to the clustering
coefficient, describing the efficient communication in functionally
segregated brain regions. In fact, local efficiency appears slightly
privileged with respect to global communication in the experimental graphs. Our findings indicate that resting state networks,
either following alcohol or placebo intake, maintain their wellrecognized small-world structure [81], [82].
PLOS ONE | www.plosone.org

Methodological Limitations
From a methodological point of view, our study presents some
limitations. Our hypothesis, based on the effects of alcohol on
GABA neurotransmission is supported by our findings. However,
since EEG does not allow measuring the expected alcohol-induced
alteration on the concentration of GABA in the brain, we cannot
safely deduce a causality relationship between the observed
pronounced functional connectivity and the neurotransmission
effects. Moreover, alcohol studies face the problem of individual
susceptibility and tolerance developed to the effects of alcohol.
This effect can be critical when studying the intoxication process
[5]. To overcome this problem, we used a sufficiently large sample
(26 participants) and each participant served as his/her own
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control during the placebo sessions. Alcohol effects appear to be
dose-dependent. Having administered a dose of 0.48 g/kg
(0.38 g/kg) alcohol to male (female) participants, our findings
are limited to moderate-dose alcohol effects.
Since individual MRI structural scans were not available, we
used a BEM model in a standard brain for all EEG reconstructions. Combined with the inherently low spatial resolution of EEG,
we cannot make detailed inferences on the anatomical origin of
the recorded oscillations. The ideal experimental design for this
study would also need the recording of the individual subject’s
MRIs and/or additionally magnetoencephalography (MEG)
recordings at rest. MEG, as a technique, fundamentally avoids
the limitations of EEG in functional connectivity analysis (i.e.
possible leakage due to common reference for all channels) thereby
providing also very good localization accuracy for the active
sources [91], [92]. Coregistration of the inverse solutions, derived
either from EEG or MEG data, with the individual subjects
anatomies would provide crucial information about the exact
anatomical location of the active sources, rather than the rough
topological estimation provided herein. It would be also interesting, apart from the resting-state, to examine how short-term
inebriation may affect the human brain functional connectivity
during cognitive tasks or emotional perception.
Regarding the connectivity methodology, different methods
have been proposed to select the threshold to be applied on
weighted AMs to convert them into binary ones. We followed the
approach of arbitrary threshold to test if the significant results were
preserved across multiple connection densities. There is still a lot
of debate around this issue and, as a consequence, there is no
optimal method for the selection of the threshold to construct
graphs, although different approaches have been suggested (see
[50] for a review).

Conclusions
The current study provides evidence that acute moderate
alcohol doses in healthy young social drinkers increases the
functional connectivity of the RSN. Such increase is evident in
terms of MSC values and it is also reflected on graph parameters
that describe its internal organization and structure. Interestingly,
the inebriation level was positively correlated with the RSN
density. The findings support our hypothesis for increased largescale connectivity due to the GABAergic inhibition induced by
alcohol. The elevated connectivity is pronounced in alpha, beta
and theta bands in line with the distinct role of these frequencies at
rest. Thus, it is suggested that despite the fact that reduced GABA
transmission is linked to reduced functional connectivity in
alcoholics, facilitated GABAergic inhibition following short-term
inebriation is associated to pronounced brain functional connectivity. Finally, all networks under study exhibited small-world
properties and differed significantly from ‘random’ ones computationally produced with the same characteristics.

Acknowledgments
The authors gratefully thank Anastasia Semertzidou and Christos
Frantzidis for the data collection, Domniki Fragou for the SAC analysis
and Kalli Tzioti for participants’ recruitment.

Author Contributions
Conceived and designed the experiments: CLP CL PB. Performed the
experiments: CL. Analyzed the data: CL MAK CLP. Contributed
reagents/materials/analysis tools: DK LK. Wrote the paper: CL CLP.
Revision of the manuscript: MA PB CP LK.

References
1. Sayette MA (1993) An appraisal-disruption model of ethanol’s effects on stress in
social drinkers. Psychol Bull 114:438–459.
2. Monahan JL, Lannutti PJ (2000) Alcohol as a ‘‘social lubricant’’. Alcohol myopia
theory, social esteem and social interaction. Hum Com Res 26:175–202.
3. Oscar-Berman M, Marinkovic K (2007) Alcohol: effects on neurobehavioral
functions and the brain. Neuropsychol Rev 17:239–257.
4. do Canto-Pereira LHM, De PA I David, Machado-Pinheiro W, Ranvaud RD
(2007) Effects of acute alcohol intoxication on visuospatial attention. Hum Exp
Toxicol 26:311–319.
5. Bartholow BD, Pearson M, Sher KJ, Wieman LC, Fabiani M, Gratton G (2003)
Effects of alcohol consumption and alcohol susceptibility on cognition: a
psychophysiological examination. Biol Psychol 64:167–190.
6. De Cesarei A, Codispoti M, Schupp HT, Stegagno L (2006) Selectively
attending to natural scenes after alcohol consumption: an ERP analysis. Biol
Psychol 72:35–45.
7. Marinkovic K, Azma S (2010) Neural Dynamics of Alcohol Effects on Cognitive
Control: Eriksen Flanker Task, 17th conference on Biomagnetism, Dubrovnik,
Croatia.
8. Curtin JJ, Patrick CJ, Lang AR, Cacioppo JT, Birbaumer N (2001) Alcohol
affects emotion through cognition. PsycholSci 12:527–531.
9. Franken IHA, Nijs IMT, Muris P, Van Strien JW (2007) Alcohol selectively
reduces brain activity during the affective processing of negative information.
Alcohol Clin Exp Res 31:919–927.
10. Steele CM, Josephs RA (1988) Drinking your troubles away. II: An attentionallocation model of alcohol’s effect on psychological stress. J Abnorm Psychol
97:196–205.
11. Maylor EA, Rabbitt PM (1993) Alcohol, reaction time and memory: a metaanalysis. Brit J Psychol 84:301–317.
12. Lovinger DM, Roberto M (2013) Synaptic effects induced by alcohol. Curr Top
Behav Neurosci 13:31–86.
13. Valenzuela CF (1997) Alcohol and neurotransmitter interactions. Alcohol
Health Res World 21:144–148.
14. Nevo I, Hamon M (1995) Neurotransmitter and neuromodulatory mechanisms
involved in alcohol abuse and alcoholism. Neurochem Int 26:305–336.
15. Volkow ND, Yeming Ma, Wei Zhu, Fowler JS, Li J, et al. (2008) Moderate doses
of alcohol disrupt the functional organization of the human brain. Psychiat ResNeuroim 162:205–213.
16. Peterson JB, Rothfleisch J, Zelazo PD, Pihl RO (1990) Acute alcohol
intoxication and cognitive functioning. J Stud Alcohol 51:114–122.

PLOS ONE | www.plosone.org

17. Wise RA (1998) Drug-activation of brain reward pathways. Drug Alcohol Depen
51:13–22.
18. Mitchell JM, O’Neil JP, Janabi M, Marks SM, Jagust WJ, et al. (2012) Alcohol
consumption induces endogenous opioid release in the human orbitofrontal
cortex and nucleus accumbens. Sci Transl Med 4:116ra6.
19. Koob GF, Roberts AJ, Schulteis G, Parsons LH, Heyser CJ, et al. (1998)
Neurocircuitry Targets in Alcohol Reward and Dependence. Alcohol Clin Exp
Res 22:3–9.
20. Kapasova Z, Szumlinski KK (2008) Strain Differences in Alcohol-Induced
neurochemical Plasticity: A Role for Accumbens Glutamate in Alcohol Intake.
Alcohol Clin Exp Res 32617–631.
21. Volkow ND, Wang GJ, Begleiter H, Hitzemann R, Pappas N, et al. (1995)
Regional brain metabolic response to lorazepam in subjects at risk for
alcoholism. Alcoholism Clin Exp Res 19:510–516.
22. Kuffler SW, Edwards C (1958) Mechanisms of gamma aminobutyric acid
(GABA) action and its relation to synaptic inhibition. J Neurophysiol 21:589–
610.
23. Mihic SJ, Harris RA (1995) Alcohol actions at the GABAA receptor/chloride
channels complex. In: Deitrich, R.A, and Erwin, G., eds. Pharmacological
Effects of Ethanol on the Nervous System. Boca Raton, FL: CRC Press, 51–71
24. Fingelkurts AA, Fingelkurts AA, Kivisaari R, Pekkonen E, Ilmoniemi R, et al.
(2004) Enhancement of GABA-related signaling is associated with increase of
functional connectivity in human cortex. Human Brain Map 22:27–39.
25. Schoffelen JM, Gross J (2009) Source connectivity analysis with MEG and EEG.
Hum Brain Map 30:1857–1865.
26. Singer W (1999) Neuronal synchrony: a versatile code for the definition of
relations? Neuron 24: 4965.
27. Braskie MN, Landau SM, Wilcox CE, Taylor SD, O’Neil JP, et al. (2011)
Correlations of striatal dopamine synthesis with default network deactivations
during working memory in younger adults. Hum Brain Map 32:947–961.
28. Tomasi D, Volkow ND, Wang R, Telang F, Wang GJ (2009) Dopamine
Transporters in Striatum Correlate with Deactivation in the Default Mode
Network during Visuospatial Attention. PLoS ONE 4(6)e6102.
29. Northoff G, Walter M, Schulte RF, Beck J, Dydak U, et al. (2007) GABA
concentrations in the human anterior cingulated cortex predict negative BOLD
responses in fMRI. Nature Neurosci 10:1515–1518.
30. Pascual-Marqui RD (2002) Standardized low-resolution brain electromagnetic
tomography (sLORETA) technical details, Method Find ExpClin 24:5–12.

11

October 2012 | Volume 7 | Issue 10 | e48641

Brain Connectivity following Inebriation

31. Sporns O, Chialvo DR, Kaiser M, Hilgetag CC (2004) Organization,
development and function of complex brain networks. Trends Cognit Sci
8:418–425.
32. Strogatz SH (2001) Exploring complex networks. Nature 410:268–276.
33. Wang XF, Chen G (2003) Complex networks: Small-world, scale-free and
beyond. IEEE Circuits Syst Mag 3:6–20.
34. King AC, Houle T, De Wit H, Holdstock L, Schuster A (2002) Biphasic alcohol
response differs in heavy versus light drinkers. Alcohol ClinExp Res 26:827–835.
35. Curtin JJ, Lang AR, Patrick CJ, Strizke WGK (1998) Alcohol and fearpotentiated-startle: the role of competing cognitive demands in the stressreducing effects of intoxication. J Abnorm Psychol 107:547–565.
36. Lukas SE, Mendelson JH, Benedikt RA, Jones B (1986) EEG alpha activity
increases during transient episodes of ethanol-induced euphoria. Pharmacol
Biochem Be 25:889–895.
37. Lukas SE, Mendelson JH, Woods BT, Mello NK, Teoh SK (1989) Topographic
distribution of EEG alpha activity during ethanol-induced intoxication in
women. J Stud Alcohol 50:176–185.
38. Jones AW (1979) Distribution of alcohol between saliva and blood in man. Clin
Exp Pharmacol Physiol 6:53–59.
39. Swan P (2002) The major issues of drug, alcohol and fatigue in heavy vehicle
safety. National Heavy Vehicle Safety Seminar, Melbourne, 65–72.
40. Drummer OH, Odell M (2001) The forensic pharmacology of drugs of abuse,
London, Arnold.
41. Kovatsi L, Giannakis D, Arzoglou V, Samanidou V (2011) Development and
validation of a direct headspace GC-FID method for the determination of
sevoflurane, desflurane and other volatile compounds of forensic interest in
biological fluids: application on clinical and post-mortem samples. J Sep Sci
34:1004–1010.
42. King AC, Munisamy G, De Wit H, Lin S (2006) Attenuated cortisol response to
alcohol in heavy social drinkers. Int J of Psychophysiol 59:203–209.
43. Kirschbaum C, Hellhammer DH, (2000) Salivary cortisol. Encyclopedia of
Stress, Academic Press, Vol3379–383.
44. Klados MA, Papadelis C, Braun C, Bamidis PD (2011) REG-ICA: A hybrid
methodology combining Blind Source Separation and regression techniques for
the rejection of ocular artifacts. Biomed Signal Proces Con 6:291–300.
45. Tadel F, Baillet S, Mosher JC, Pantazis D, Leahy RM (2011) Brainstorm: A
User-Friendly Application for MEG/EEG Analysis,’’ Comput Intel Neurosci
doi:10.1155/2011/879716.
46. Talairach J, Tournoux P (1988) Co-planar stereotaxic atlas of the human brain
L 3-dimensional proportional system: an approach to cerebral imaging. Stuttgart
Thieme 39.
47. Gevins A, Le J, Martin N, Brickett P, Desmond J, et al. (1994) High resolution
EEG: 124-channel recording, spatial deblurring and MRI integration methods.
Electroen Clin Neuro 39:337–358.
48. Babiloni F, Babiloni C, Locche L, Cincotti F, Rossini PM, et al. (2000) High
resolution EEG: source estimates of Laplacian transformed somatosensoryevoked potentials using a realistic subject head model constructed from magnetic
resonance images. Med Biol Eng Comput 38:512–519.
49. Welch PD (1967) The use of fast Fourier transform for the estimation of power
spectra: a method based on time averaging over short, modified periodograms.
IEEE Trans. Audio Electroacoustics 15:70–73.
50. van Wijk BC, Stam CJ, Daffertshofer A (2010) Comparing brain networks of
different size and connectivity density using graph theory. PLoS One5, 13701.
51. Humphries MD, Gurney K (2008) Network small-world-ness: a quantitative
method for determining canonical network equivalence. PLoS ONE
3:e0002051.
52. Benjamini Y, Hochberg Y (1995) Controlling the false discovery rate: a practical
and powerful approach to multiple testing. J R Stat Soc 57:289–300.
53. de Vico Fallani F, Maglione A, Babiloni F, Mattia D, Astolfi L, et al. (2010)
Cortical network analysis in patients affected by schizophrenia. Brain Topogr
23:214–220.
54. de Vico Fallani F, Astolfi L, Cincotti F, Mattia D, Marciani MG, et al. (2007)
Cortical functional connectivity networks in normal and spinal cord injured
patients: evaluation by graph analysis. Hum Brain Map 28:1334–1346.
55. Andrew C, Pfurtscheller G (1996) Event-related coherence as a tool for studying
dynamic interaction of brain regions. Electroencephalogr Clin Neurophysiol
98:144–148.
56. Schnitzler A, Gross J (2005) Normal and pathological oscillatory communication
in the brain. Nature Rev Neurosci 6:285–296.
57. Uhlhaas PJ, Singer W (2006) Neural synchrony in brain disorders: relevance for
cognitive dysfunctions and pathophysiology. Neuron 52:155–168.
58. Grobin AC, Matthews DB, Devaud LL, Morrow AL (1998) The role of
GABA(A) receptors in the acute and chronic effects of ethanol. Psychopharmacology (Berl). 139:2–19.
59. Semyanov A (2003) Cell type specificity of GABA(A) receptor mediated signaling
in the hippocampus. Curr Drug Targets CNS Neurol Disord 2:240–247.
60. Lytton WW, Sejnowski TJ (1991) Simulations of cortical pyramidal neurons
synchronized by inhibitory interneurons. J Neurophysiol 66: 1059–1079.
61. Rogers BP, Parks MH, Nickel MK, Katwal SB, Martin PR (2012) Reduced
fronto-cerebellar functional connectivity in chronic alcoholic patients. Alcohol
Clin Exp Res 36:294–301.
62. Gross J, Kujala J, Hamalainen M, Timmermann L, Schnitzler A, et al. (2001)
Dynamic imaging of coherent sources: studying neural interactions in the human
brain. Proc Nat AcadSci 98:694–699.

PLOS ONE | www.plosone.org

63. Jann K, Dierks T, Boesch C, Kottlow M, Strik W, et al. (2009) BOLD correlates
of EEG alpha phase-locking and the fMRI default mode network. NeuroImage
45:903–916.
64. Knyazev GG, Slobodskoj-Plusnin JY, Bocharov AV, Pylkova LV (2011) The
default mode network of EEG and alpha oscillations: an independent
component analysis. Brain Res 1402:67–79.
65. Hillebrand A, Barnes GR, Bosboom JL, Berendse HW, Stam CJ (2012)
Frequency-dependent functional connectivity within resting-state networks: An
atlas-based MEG beamformer solution. NeuroImage 59:3909–3921.
66. Laufs H, Kleinschmidt A, Beyerle A, Eger E, Salek-Haddadi A, et al. (2003)
EEG-correlated fMRI of human alpha activity. NeuroImage 19:1463–1476.
67. Chen ACN, Feng W, Zhao H, Yin Y, Wang P (2008) EEG default mode
network in the human brain: Spectral regional field powers, NeuroImage 41:
561–574.
68. Brookes MJ, Hale JR, Zumer JM, Stevenson CM, Francis ST, et al. (2011)
Measuring functional connectivity using MEG: methodology and comparison
with fcMRI. NeuroImage 56:1082–1104.
69. Hlinka J, Alexakis C, Diukova A, Liddle PF, Auer DP (2010) Slow EEG pattern
predicts reduced intrinsic functional connectivity in the default mode network:
An inter-subject analysis. NeuroImage 53:239–246.
70. Gomez C, Stam CJ, Hornero R, Fernandez A, Maestu F (2009) Disturbed beta
band functional connectivity in patients with mild cognitive impairment: an
MEG study. Trans Biomed Eng 56:1683–1689.
71. Nunez PL, Silberstein RB, Shi Z, Carpenter MR, Srinivasan R, et al. (1999)
EEG coherency II: Experimental comparisons of multiple measures. ClinNeurophysiol 110:469–486.
72. Mantini D, Perucci MG, Del Gratta C, Romani GL, Corbetta M (2007)
Electrophysiolocal signatures of resting state networks in the human brain.
ProcNatlAcadSci 104:13170–13175.
73. de Pasquale F, Della Penna S, Snyder AZ, Lewis C, Mantini D, et al. (2010)
Temporal dynamics of spontaneous MEG activity in brain networks. Proc Natl
Acad Sci 107:6040–6045.
74. Niazy RK, Smith GA, Evans CJ, Wise RG (2009) Correspondence between
resting state networks and EEG-correlated fMRI maps. Proc Intl Soc Mag
Reson Med 17:1674.
75. Reijneveld JC, Ponten SC, Berendse HW, Stam CJ (2007) The application of
graph theoretical analysis to complex networks in the brain. Clin Neurophysiol
118: 2317–2331.
76. Lithari C, Klados MA, Papadelis C, Pappas C, Albani M, et al. (2012) How does
the metric choice affect brain functional connectivity networks? Biomed Signal
Proces Con 7:228–236.
77. Rubinov M, Sporns O (2010) Complex network measures of brain connectivity:
uses and interpretations. NeuroImage 52:1059–1069.
78. Chklovskii DB, Schikorski T, Stevens CF (2002) Wiring optimization in cortical
circuits. Neuron 34:341–347.
79. Ray WJ, Cole HW (1985) EEG alpha activity reflects attentional demands, and
beta activity reflects emotional and cognitive processes. Science 228:750–752.
80. Bassett DS, Bullmore ET, Meyer-Lindenberg A, Apud JA, Weinberger DR, et
al. (2009) Cognitive fitness of cost-efficient brain functional networks. Proc Natl
Acad Sci U.S.A. 106:11747–11752.
81. Sporns O, Honey CJ (2006) Small worlds inside big brains. Proc Natl Acad Sci
U.S.A. 103:19219–19220.
82. Stam CJ, Jones BF, Nolte G, Breakspear M, Scheltens P (2007) Small-World
Networks and Functional Connectivity in Alzheimer’s Disease. Cereb Cortex
17:92–99.
83. Sporns O, Zwi JD (2004) The small-world of the cerebral cortex. Neuroinformatics 2:145–162.
84. Kumar S, Porcu P, Werner DF, (2009) The role of GABA(A) receptors in the
acute and chronic effects of alcohol: a decade of progress. Psychopharmacology
(Berl.) 205:529–564.
85. Khalili-Mahani N, Zoethout RMW, Beckmann CF, Baerends E, de Kam ML,
et al. (2012) Effects of morphine and alcohol on functional brain connectivity
during ‘‘resting state’’:A placebo-controlled crossover study in healthy young
men. Hum Brain Mapp 33:1003–1018.
86. Chanraud S, Pitel AL, Müller-Oehring EM, Pfefferbaum A, Sullivan EV (2012)
Remapping the Brain to Compensate for Impairment in Recovering Alcoholics.
Cereb Cortex (Epub ahead of print PMID: 22275479).
87. Shulman GL, Fiez JA, Corbetta M, Buckner RL, Miezin FM, et al. (1997)
Common blood flow changes across visual tasks. J Cogn Neurosci 9:648–663.
88. Buckner RL, Andrews-Hanna JR, Schacter DL (2008) The Brain’s Default
Network. Ann NY AcadSci 1124:1–38.
89. Damoiseaux JS, Rombouts SARB, Barkhof F, Scheltens P, Stam CJ et al. (2006)
Consistent resting-state networks across healthy subjects. ProcNatlAcadSci USA
103:13848–13853.
90. Gusnard DA, Raichle ME (2001) Searching for a baseline: Functional imaging
and the resting human brain. Nature Rev Neurosci 2:685–694.
91. Papadelis C, Poghosyan V, Fenwick PB, Ioannides AA (2009) MEG’s ability to
localize accurately weak transient neural sources. Clin Neurophysiol 120:1958–
70.
92. Papadelis C, Eickhoff SB, Zilles K, Ioannides AA (2011) BA3b and BA1 activate
in a serial fashion after median nerve stimulation: direct evidence from
combining source analysis of evoked fields and cytoarchitectonic probabilistic
maps. NeuroImage 54:60–73.

12

October 2012 | Volume 7 | Issue 10 | e48641

